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Abstract: Microfinance is a well known terminology used for microcredit and financial services for financially
deprived community. Through informal, semi-formal and formal ways different institutions has been
providing these services. Expenditure of the industry is considered to be high because of its inherent
structure, dealing with small loans and having high risk of recovery. Therefore, expected inefficiency is
greater than its profit. There are several factors and reason. Through this study, we analyzed few factors
which have a positive or negative relation with the inefficiency of Microfinance in Pakistan. Stochastic
frontier analysis (SFA) is used for weighing up a relationship between inefficiency and its determinants. It is
seen that the average efficiency of this sector is low, on average the highest technical efficiency score is 87
only. Age and number of clients have a negative relationship with inefficiency whereas for other variable's
relationship is conditional on Microfinance Institutions (MFIs) working status. The number of women
borrowers and average loan balance has been incorporated in the study to analyze the focus of MFIs, either
on mission drift or achievement. We found that microfinance banks (MFBs) are drifting away, however, Non
Government Organizations (NGOs) and Rural Support Programs (RSPs) are fulfilling their social mission
efficiently. We did not find a strong evidence of mission drift in the industry because microfinance banks
considered their social mission on second priority. Hence, if MFBs are drifting away from their social services,
itis not unexpected.

Keywords; Efficiency, Micro financing, Stochastic Frontier Analysis, Technical efficiency, Mission drift, Women
Borrowers.

1. Introduction

Microfinance (MF) perpetrated it recognition all over the world because of its remarkable achievement
(Ledgerwood et al., 2013). All over the developing world, deep rooted and multifaceted poverty annihilation
is becoming a challenge, despite of substantial caution from beginning to end in a mixture of poverty
alleviation programs, it is becoming hard to combat the pervasive social and economic poverty. Microfinance
is one of the influential tools to defeat poverty, conceptualized by Dr Muhammad Yunus in 1976, in
Bangladesh. Afterward, it multiplied in geometric progression and chased by almost all the nations,
particularly developing due to its plain, yet effectual structure. Several studies (Johansen and Nilsson, 2007;
Kabir and Huo, 2011) have proven its verity, as an appropriate technique to empower the underprivileged
and to enlarge their earning propensity. It is generally believed that the success of microfinance lies in its
fundamental role of easy credit provision to poor section, economically active but financially constrained, that
has been ignored by the moneymaking commercial sector for years. Supportive services of microfinance
Institutions (MFIs) have revealed sound effect on economic development (Khandker, 2005; Baido, 2008). MF
industry in Pakistan is considered among one of the best regulated industry in the world, yet it is facing
terrible challenges for survival. Since independence in 1947, Pakistan is mugging stiff challenge due to weak
economic base. It has to confront several issues simultaneously; for example, regional conflicts, economic
crises, natural disasters, governance issues, conflicts with neighbor countries, etc. Further, inherent issues
within the structure of the economy also cannot be ignored that include corruption, nepotism, misusage of
resources and powers, political instability, violence, terrorism and almost no accountability no governance.
The exceedingly unstable security situation, rising energy shortage, a weak tax structure, falling trade, falling
investment, and food price inflation are worsening the situation day by day not only for the country but also
for the industries working there.



The present situation and reported measures of economic indicators in Pakistan are illustrating a
misanthropical situation and an expected increase in poverty, which was previously recorded as 50% of the
total population in 2011 by United Nation Human Development (CIA). In this scenario, Microfinance industry
in Pakistan is a marvel innovation, which emerged as a promising segment, and developed at a faster speed
by means of novel contestant and products. Although Microfinance in Pakistan is dated back to the 1960s
when Comilla Project was experimented with microcredit initiatives yet, it gains popularity in the current
decades owing to adopting new strategies and an active participation by the state bank of Pakistan (SBP), for
the improvement of this sector. Profitability and performance index of MFIs is fluctuating, however
recuperating. The background of MFIs in Pakistan was primarily non-regulated, but after 2000-01 due to the
enforcement of microfinance ordinances by SBP, a pattern has emerged for regulating the industry, that
ensure improvement. There are three peer groups of retail players in overall Pakistan’s microfinance
industry: microfinance banks (MFBs), Non Government microfinance institutions (NGO-MFIs) and rural
support programs (RSPs). Microfinance banks are licensed under the Microfinance Institutions Ordinance
2001, and have been working under the regulatory and supervisory framework of SBP. The other two
categories of MFIs are scheduled under one of these separate legislative frameworks that include; the
Societies Registration Act, 1860, The Voluntary Social Welfare Agencies Ordinance, 1961, The Trust Act, 1882,
and the Companies’ Ordinance, 1984. There are, at least five types, including 2001 ordinance, of legislative
frameworks that are of relevance for the microfinance industry in Pakistan. (PMN, 2011, The SBP
Microfinance unit). According to Pakistan Microfinance Network (PMN) there came a drastic change in this
sector after the year 2005.Previously, there were unregulated microcredit suppliers relying on traditional
delivery methods. However, currently, presentation of microcredit shifts to microfinance with a regulated
and broader vision. The access to finance via branchless banking and diverse lending models are setting up
the sector on sustainable roots.

Nonetheless, it is considered that 90 percent of the microfinance in Pakistan is still unexploited because of a
variety of factors, including the fact that the operating costs are quite high: from 18 to 20 percent. The
potential market is between 25 and 40 million whereas, the balance sheet of the sector is said to be Rs. 60
billion (PMN, 2013). This figure can be multiplied significantly with a corresponding growth in the industry.
There are so many excuses which are given for the (in) efficiency of Microfinance industry working in a
developing and a deteriorating environment; for instance, half of the population is underserved and all of
them need a financial support for uplifting, demand is much greater than the supply of funds from MFIs and
for MFTIs, the infrastructure of the industry is weak, and cost of operation is high, etc... Through this study, we
attempt to locate some of (in) efficiency factors of MF industry in Pakistan by applying the stochastic frontier
analysis, proceeding to analyzing and reporting the technical efficiency level of the industry. This technique
has been applied first time in MF industry in Pakistan and will be a valuable addition in research for further
application and policy formulation. We will strive to find the answer for following questions.

o  Whether MFIs in Pakistan are efficient/inefficient?

What are the factors of efficiency/inefficiency?

Do the specific characteristics of MFI affect the efficiency/inefficiency of MFIs?

[s there any difference of efficiency due to the type of MFIs?

Is MFIs in Pakistan are moving away from their real mission?

Remaining paper has the following structure; Part II will explain the Theoretical Background while part III
will highlight the method of analysis, part IV will give the elaboration for empirical results and at the end we
will draw the conclusion of the study.

2. Theoretical Background

Efficiency is one of the Performance measures of a production process, which is based on the production and
cost behavior of a production unit. Efficiency is a derivative of production process and productivity. Productivity
is a descriptive measure of performance, and Efficiency is a normative measure. The function of efficiency is a
criterion function that has a finite maximum value attainable over the feasible set of the choices variables,
which is used as a benchmark to assess the efficiency of a decision-making unit (DMU) .The closer the actual
value to the maximum attainable value, the greater is its efficiency ( Daraio & Simar, 2007). Though the theme
of productive efficiency has been under discussion since Adam Smith’s badge of researchers and may be
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earlier in different contour, yet a meticulous investigative approach to the measurement of efficiency in
production is derived from the effort of Koopmans (1951) and Debreu (1951), and empirically applied by
Farrell (1957). After several modifications, preliminary by Farrell (1957), several approaches for efficient
frontier evaluation and efficiency score computation have been implemented. Efficient frontier estimation
and efficiency score calculation have been developed for comparing the productivity of different productive
units. Green (1997), elucidated that frontier production function is an extension of the familiar regression
model; representing an ideal situation for attainable maximum output or minimum cost of producing that
output or maximum profit given the prices for input and output. Further that the estimation of frontier functions
is the econometric exercise of making the empirical implementation consistent with the underlying theoretical
proposition that no observed agent can exceed the ideal; all observations will be positioned within the
theoretical extreme. The extent to which observed agents gain/fail to achieve the theoretical ideal indicates it
efficiency/inefficiency and that estimated model of production, cost or profit is a way to the target of measuring
efficiency/inefficiency.

A derivation of the efficiency frontier function given by Greene (2005b), assumed Producers as price takers in
their input markets. Then a single output production frontier became as;

y < f(x)
......................................................................... 1)

“w_n: «_n

Where “y” is a production function of the single output, using input vector “x”.
An output based Debreu-Farrell style measure of technical efficiency became as

TE(y,x) = —J—<1.
f(x)
By technical efficiency, Greene wants to make out the relationship between observed production and some ideal
or potential production. Following the Debreu-Farrell interpretation of econometric framework, a production
function became as;

y, = f(,.B)TE, )

Where 0 < TE (y;, xi) < 1, B is the vector of parameters of the production function to be estimated, and ‘7’ indexes
the it of N firms in a sample to be analyzed. The production model is linear in the logs of the variables, so the
empirical foil of the structure became as

Iny. = Inf(x;,) + InTE, = Inf(x.B) -y,

Where u; > 0 is a measure of technical inefficiency since U; = - In TEi =~ 1_TEi .

And TE; = exp (-uy).

This frontier function derivation is consistent with Debreu’s (1951), and Farrell’s (1957) efficiency measures,

and provides a simple means for computing the distance to the frontier.

The applied researchers now use the combine fundamental theoretical propositions with a practical

econometric framework to approximate efficiency. There are different models and methods for efficiency

analysis in exercise now; According to Ray and Mukherjee (2004), we can classify efficiency frontier models
based on functional form, data used and presence of noise.

e Based on the functional form of the frontier the classification in models can be made as parametric and
Non-Parametric models. Parametric model includes, stochastic frontier analysis, Thick frontier analysis
and DFA. Whereas, non-parametric include, free disposal hull and Data envelopment analysis.

e Based on the presence of noise in the classification in models can be made as Deterministic Models and
Stochastic Models. The presence and absence of noise in the sample data define frontier function and
models accordingly.

e Based on the type of data analyzed the classification in the models can be made as Cross-sectional Models
and Panel data models. All types of data can be used for frontier model formulation, but specifications of
the models will be different according to the data.




3. Methodology

We used one of parametric techniques-SFA in our study. which is econometric approach, specifies a
functional form for the cost, profit, or production function and gives a composed error model where
inefficiencies are assumed to follow an asymmetric distribution, while random error follows a symmetric
distribution (Greene, 2005b).The main feature of SFA indicates (1) the frontier comprises a specific functional
form either Cobb-Douglas, Translog or Fourier Flexible (2) Each functional form is different in the way they
separate inefficiency from the random error (3) SFA estimate a function where in addition to inputs and
outputs other variables can also be incorporated to describe the structure surrounding the function (4)The
regression residuals reflect differences in efficiency and the possible noise affecting the performance(5)In
Stochastic Frontier Analysis, to obtain an inefficiency measurement that does not depend on stochastic
shocks, error obtained are broken down into two components ,one is random error and other is inefficiency
error(6)Inefficiencies cannot be negative therefore it is assumed that it follow an asymmetrical distribution
either half normal or truncated normal, while random errors follow a symmetrical distribution called
standard normal(7)The inefficiency measurement is obtained by the estimated mean average of the
conditional distribution of the inefficiency termination.

The efficiency measurement by SFA is a way to locate a microfinance institution (MFI); how much it is
actually close to what a best-practice MFI's would have been; for producing the same output under the same
conditions. There are two approaches to estimate the frontier and the coefficients of efficiency variables. One
is the standard two-step SFA approach of Aigner, Lovell and Schmidt (1977), and Meeusen and Van den
Broeck (1977) and the second is the Battese and Coelli (1995) (BC) approach which is one- step. The
foremost benefit of the BC model over the other is that it estimates the frontier and the coefficients of the
efficiency variables simultaneously in one step, and keep the coefficient save from biases. As Wang and
Schmidt (2002) showed that two step method renders biased coefficients, because the method undergo the
assumption that the efficiency term is independent and identically truncated-normally distributed in the first
step, while in the second step the efficiency terms are assumed to be normally distributed and dependent on
the explanatory variables. A second superiority of the BC model over two step approach is that it can be
estimated for an unbalanced panel, which increases total size of sample. We are dealing with unbalanced
panel in our study therefore BC approach will be more suitable for it. The general BC model stipulates a
stochastic frontier with the following characteristics:

o nCie C(Yip, Xit, Ziis B) + Uir + Vigoeeeoeeeeeeinseeiieseenneses (4)

e  where Cit= total cost MFI i faces at time t

. C(Yi,t, Xit Z,-,t;,B) = cost frontier

e Y, =logarithm of output of MFIiat time ¢t

e X, =vector of the logarithm of input of MFI i attime t

e Z;,= MFI specific control variables

e [ =vector of all parameters to be estimated

e U;, = captures inefficiency?

e V;, =captures measurement error and random effects?

e Both u”and v, are time and MFI specific and represented as:

o Uy ~N*T(W,, ;) And
O Vi~Tid N(0, 07 ) oot ces e es s (5)

O Wit =80+ 2nOnit Quitereereemrersmeesresinssniie s sessseesens (6)
Equation (6) models (in) efficiency and its explanatory variables. The “q” in Equation (6) represents the
vector of n variables that drive the inefficiency (W ) of MFI i at time t. The deltas represent the coefficients.
Equation (4) and (6) will be solved in one step by using maximum likelihood.

1 The term u captures cost inefficiency and is independent and identically distributed with a half normal distribution.
it

2y captures measurement error and random effects, e.g. good and bad luck, and is distributed as a standard normal.
it
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Selection of inputs and outputs: The efficiency estimates obtained from SFA is highly conditional on the
appropriate selection of input and output variables used in defining the frontier. There is a considerable
debate in the empirical literature about the selection of input and output combinations. Three basic
approaches for financial institutions are used in research. These are the intermediation, production and asset
approaches. The intermediation approach views financial institutions mainly as mediators of funds between
savers and investors. The production approach emphasizes the role of financial institutions as providers of
service for account holders. With the asset approach, outputs are strictly defined by assets and the
productivity of loans (Jayamaha & Mula, 2010). We use an intimidation approach because of MF industry
basic services as facilitators for microcredit and managing the loan and assets. Table-I present the input-
output specification for our model.

Table 1: Input-output variables

Variable/

- Definiti I t Output
Intermediation Approach etinition npu utpu
Cost per borrower It is calculated by operating expense/average number of active borrowers. Input
Fi ial E . . . .

{nancial bxpense It is calculated as the interest paid for borrowing or debt Input
Total Assets Total value of assets at the time of reporting period Input
. . . This is the total of revenue from the loan portfolio and other financial assets, Output
Financial margin ) . . . . .
as well as other financial revenues from financial services after paying for the
cost.
Gross loan Portfolio This is the number of loans outstanding at the time of the reporting period Output

Table 2: (In) Efficiency Determinants

Hypothesized relationship Construction of

Variabl Definition to efficien . Value assign:
ble e o o efficiency Variable alue assigns
It shows the total number of sub-branches . o .
Branches - g L Positive Quantitative Discrete
working under a specific organization.
This is the number of individuals actively
Employees or employed by an MFL. It also includes contract
Personnel employees and advisors who dedicate the Positive Quantitative Discrete
majority of their time to the organization
even if they are not on the MFI’s roster of
employees.
Age
This is the number of years an organization . o .
er oy gant Positive Quantitative Continuous
has been functioning as a microfinance
provider (MFP)
Type of MFI It indicates the status of MFIs working as a  Efficiency differences Qualitative Discrete
NGO, Bank, and RSPs etc.
This is used to measure depth of outreach. .
Average loan . P Negative for outreach and
balance per The lower the ratio, the more poverty- positive for efficiency. Quantitative Continuous
. focused the MFIs. The higher value of this ’
active borrower - S .
variable indicates MFI provide fewer loan to
poor borrower so lesser outreach.
mber of acti s
\I;\Izl(l)ml;i ofactive This indicates the percentage of women
borrower to total active borrowers. The Positive to outreach and I .
borrowers to ) . o \ - Quantitative Continuous
. higher value of this measure indicates more negative for efficiency.
total active . . .
depth of outreach since lending to women is
borrowers

associated with lending to poor borrowers.




Determinants of Efficiency: Prior literature provides evidence that the institution‘s size (Drake & Hall, 2003),
geographic diversification and deposit diversification (Hughes et al., 1996), the size deviation of banks (Lang
& Welzel, 1996), number of branches (Elyasiani & Mehdian, 1990) influenced efficiency. Studies reported that
the size of financial institutions influences their efficiency (Elyasiani & Mehdian 1990; Hughes et al., 1996;
Lang & Welzel 1996; Bhattacharyya, Lovell & Sahay 1997; Kwan & Eisenbeis, 1997; Eisenbeis, Ferrier & Kwan
1999; Drake & Hall 2003; Neal 2004). Size is measured in terms of total income (Demirg'uc-Kunt, 1989;
Desrochersa & Lamberteb 2003), total assets (Miller & Noulas, 1997; Sharma & Kawadia, 2006), or number of
branches (Elyasiani & Mehdian, 1990). Larger institutions are considered to be operating more efficiently
than smaller. We will incorporate two variables, number of Branches and total number of personnel to find
the size effect on MFIs efficiency in our study.

Age of MFIs represents the number of years since its establishment. It stands for the experience of an MFI. It
is predicted that older MFIs are more experienced and more efficient. Age capture the effect of experience
and time on efficiency. Canhoto & Dermine (2003) also used an age variable to find its relationship with
efficiency. Types of MFIs /working status are also considered as efficiency determinant, because of receiving
different subsidies/donations/funding amount. Hermes et al. (2011) used a dummy as a proxy for different
level of subsidies approximation assuming that same type of MFI has the same level of subsidies, and different
level of subsidies has different effects on efficiency. We also incorporated this variable in our study, but in a
different context; our study regressed (in) efficiency variable for different types of MFIs to analyze
association between both. We considered three peer groups in our study as three types of MFIs that is NGO-
MFIs, RSPs and MFBs. Table-II summarizes the determinants defined for efficiency evaluation and their
hypothesized relationship with efficiency. We estimated the model by applying BC one step SFA for the
unbalanced panel data, for the year 2007-2013. For the specification of the function we use intimidation
approach, assuming Cobb Douglas functional form. All the variables used after taking the log.

4. Results and Discussion

The maximum likelihood estimators for variables, to assess the technical efficiency of 148 MFIs, were
estimated by SFA. The best performing firms in Stochastic Frontier Analysis used to make the boundaries and
represent potential output for a given set of inputs. In our model, the total cost, total cost per borrowers, total
financial expense and total assets were input, whereas net financial margin and Gross loan portfolio were
output, to make the boundaries of a frontier. The regression results are given in Table-III. Our estimates of the
coefficient for the Cobb-Douglus frontier function in the Table -III depicts that all input elasticity holds
expected signs. The elasticity of the total cost to cost per borrower is highest and statistically significant,
indicating one percent increase in cost per borrower result in about a 0.64 percent increase in total cost.
Therefore MFIs require concentrating more on controlling the unit cost of borrowers in order to reduce their
total cost. The estimated financial expense elasticity with cost is very small 0.078 percent, representing that
this input is not much of a constriction for efficiency. Gross loan portfolio (GLP) and assets are playing very
important role in determining the total cost because both are significant with elasticity of 0.46 and 0.35
respectively. Output from frontier approximated the standard deviations of two error components =0.495
and = 0.166 and Total error variance is reported as =0. 272. Whereas A= 2.97041 is indicating the ratio of the
standard deviation of the inefficiency component to the standard deviation of the OLS regression model. It
provides a justification for using the SFA instead of OLS for idiosyncratic component. The frontier results of
the test that “there is no technical inefficiency component in the model” are rejected depicting that most of
the residual variance in our model is on account of inefficiency effects. It also confirms that most of the MFIs
in Pakistan are operating below the frontier due to which estimated inefficiency of these MFIs is high, and
also implies that these inefficiency effects are not stochastic. Our SFA model results are showing a significant
improvement over the standard OLS regression results. (Reference table-III Appendix).

Our results showed that almost all the MFIs in Pakistan working below the frontier and not utilizing their
resources at their optimal level. Technical efficiency (TE) scores range between 60-90 percent indicating the
wastage of input resources up to 10-40 percent, yet GBTI, ORIX, PRSP and NRSPB are below than 60 percent
TE, indicating that they are least efficient and wasting their input resources more than that by their
counterpart. When we visualized the TE ranking between the years, we found ASAP and BRAC are at the
highest with the score of 90 in year 2013, whereas AKHUWAT in 2012 and similarly ASAP, BRAC and KBL in
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2011. We cannot propose any MFI as the best performing as a whole, because during the entire sample
period institutions are revealing different efficiency scores. (Reference Table V). We therefore take the
averages of TE for all the MFIs, averages are giving the compact picture based on the mean performance of
the industry and individual institutions. (Reference Table-V and Table-VI). Table-V depicts the TE for the
individual MFIs. Individually, none of a single institution place on the efficient frontier who proposed as an
efficient institution with 100 percent resource utilization. There is room for improvement for all MFIs,
because all of them are wasting their inputs or in other words, they are not producing output at their
maximum level. On average BRAC performance as compared to other corresponding MFIs is better with the
efficiency score of 0.87. It demonstrates that BRAC is using their input 13percent more than that of optimal
level or in other words BRAC can produce the same level of output even when utilizing their input 13 percent
less than the current level. Basically, this 13percent is extra cost which BRAC is bearing for nothing. They can
improve their efficiency by cutting these extra inputs without upsetting their output potentials. In the similar
manner we can elucidate for KBL and ASAP, which are second best performers in reference to average TE
score, which are using their input 15 percent more for the same level of output. Performance of other
institutions can also be detailed in the identical way (Reference Figure 1).

Table-VI indicates the result of average technical efficiency score for the whole industry in Pakistan from year
2007-2013. Though the performance of MF industry is not showing a trend or pattern yet, on average it is
improving gradually (Reference Figure 2). Efficiency scores are sensitive to the choice of frontier variables;
therefore results will be different for other approximations. The outcomes in (Table-VII) for inefficiency
component specify that explanatory variables accounting for the source of technical inefficiency are
significant. The parameter for Age indicates that, ceteris peribus, increasing one year of age significantly
decreasing technical inefficiency of MFIs in Pakistan. The estimated negative coefficient predicts that on
average older and experienced institution are less inefficient as compare to younger one. Coefficient of age is
high for MFBs elaborating that older, experienced banks are capable of benefiting from economies of scale
which facilitate them in reducing their cost and increasing the efficiency as compared to NGO-MFIs and RSPs.
Age is significantly reducing the inefficiency in these three peer groups, yet the average relationship is weak
for NGOs and RSPs. Abayie et al. (2011) and Masood and Ahmad (2010) also found age as a significant
indicator of efficiency, yet Hassan and Tufte (2001) found age insignificant in determining the efficiency,
while doing a study on the Grameen bank efficiency indicator.

The significant negative coefficient of branches for RSPs and NGOs indicate the effect of size on efficiency. It
shows a significant decrease in inefficiency with the establishment of one new branch yet this relationship is
inverse for MFBs because here increases in branches indicate an increase in inefficiency. The reason, perhaps
the high cost of infrastructure for maintaining the banks operation, whereas in case of RSPs and NGOs a small
office is adequate to run the operations. On the other hand, Number of personnel adding up the inefficiency
in case of RSPs whereas, for NGOs and MFBs relationship is the converse. RSPs are working in the rural areas
and incurring a high risk of recovery. Besides, they are dealing with the rural deprived group and managing
their costs hardly. In such situation, increasing the number of personnel certainly increases the management
cost and inefficiency unless they are planning some innovation, which may reduce the cost in the future for
RSPs. For the other two groups MFBs and NGOs, increasing the number of personnel mean a decrease in the
inefficiency level, it doesn’t mean that it cost nothing for theses two groups but here cost may be less
influential than the benefits achieved. Most of the NGOs and MFBs in Pakistan are targeting the low income
group residing in semi urban and urban areas. Where there is less risk of recovery and cost constraints as
compared to RSPs which are working in rural areas.

Size of MFIs either measured by the number of branches or by personnel has very weak correlation with
efficiency or inefficiency of MFIs. Bassem (2008) and Hassan and Tufte (2001) also incorporated size in their
study to find the relationship of this variable with efficiency, Bassam found a negative relationship while
Hassan and Tufte found no relationship between both. The number of percentage of women borrowers
(PWB) and Average loan balance per borrower(ALB) has been used in several studies; Gregoie & Oswaldo
(2003), Cull et al. (2007), Gutiérrez-Nieto et al. (2009) and Hermes et al. (2011, for developing a relationship
of outreach with efficiency of MFIs. There is mixed evidence regarding the relationship of PWB, ALB and
efficiency. It is assumed in several studies that PWB has positive and ALB has a negative relationship with
inefficiency. As Hermes et al. (2011) figured out in his study that a higher percentage of female borrowers are
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associated with a lower financial efficiency of MFIs and lower average loan balances have a negative effect on
efficiency. Conversely, Bassem (2008) supported the Women chipping in for increasing efficiency and
concluded that an increased percentage of women share in total borrowers improves the overall
sustainability and reduces the dependency on donors and government support.

In our study the coefficient of variation of PWB is positive for RSPs and MFBs showing an increase in
inefficiency due to focus on women borrower. It also indicates that MFBs and RSPs have the largest share of
male clients. Whereas, the negative coefficient of the variable for NGOs is demonstrating that proportion of
women is more than man here and also that there exist a negative relationship between inefficiency and
women borrowers. This contradiction in the relationship among three per groups is perhaps being due to the
structure of MFIs and difference of the target clients and markets. There are many NGOs in Pakistan who have
hundred percent women clients, for example, DAMEEN, KASHF and CWCD. Similarly, many other NGOs have a
greater proportion of women as compare to man. The negative relationship of inefficiency and women
borrower is a good news for those institutions that real aim of microcredit launching is poverty alleviation.
Gutiérrez-Nieto et al. (2009) also mentioned the same, MFIs focusing on poverty outreach more also focusing
on Women more, and it did not impinge on the efficiency negatively.

The coefficient of the variable, Average loan balance per borrower (ALB), is showing a positive relationship
with inefficiency in case of RSPs and NGOs and converse for MFBs. ALB is also used to measure the poverty
focus of an institution, where more ALB indicates less focus on poverty. Incongruous fallout in our study is
depicting the difference of the main objectives and target clients among MFIs. ALB is low for RSPs and NGOs
and also it has a negative relationship with inefficiency, because RSPs is operating in rural areas generally and
NGOs is dealing with women primarily, therefore, to avoid the risk of loan recovery both peer groups are
enforced to loan in smaller amount. Hence, the relationship is positive with inefficiency for these two peer
groups means the higher the ALB higher will be the inefficiency and vice versa. Nonetheless, relationship
between MFPs inefficiency and ALB is negative showing more ALB more profit and less inefficiency. MFBs
mainly focus on rich borrower as compare to other peer groups, who prefer larger amount of loan balance for
their large investment projects, hence large ALB, less cost, extra profit margin and less inefficiency. Gregory &
Oswaldo (2003), also support the same that efficiency is positively related to the average loan.

5. Conclusion

An evaluation of the financial strength of MFIs is of much relevance for the sector development of microcredit
units, particularly in developing countries. Therefore, we address the issue of quantitative assessment of
efficiency for MFIs. In order to see whether MFIs in Pakistan are working efficiently or not, we evaluated the
MFIs by applying the SFA technique. Though Microfinance industry in Pakistan is 30 years old having
different stories of success and failure, yet due to some major step taken by State Bank of Pakistan and
Government of Pakistan, this sector gain supplementary magnitude in the economy of the country for the
uplifting of the poor and in income generating activities, more recently. Therefore, through this study, we
snapped a current situation of efficiency. To analyze the competency of the sector we regressed different
institutional structure variable, e.g.; age, number of branches, number of personnel, status of MFIs, on the
inefficiency scores obtained from SFA. We found the average efficiency of the MFIs is low, unstable and trail
no specific trend. It is dwindling yet we can expect an improvement over the time because age and
inefficiency are negatively related, presenting that with an increase in the age (experience) of established
MFIs we can hope for efficiency improvement.

Efficiency is conditional on the status of the MFIs working group. For all variables except age, there exists a
dual evidence of a relationship between inefficiency and coefficient of variables, for three peer groups
working in Pakistan. The same is the matter with PWB and ALB, two outreach variables, typically
incorporated in the previous studies to analyze the focus of MFIs whether it is on financial efficiency only or
on a strive for social services also (Mission drift or mission achievement). When we analyzed these two
variables in reference to the phenomenon of Mission drift, we found the germs were more strong in the case
of MFBs. Which are focusing more on the financial services to the community, not to the poor. Nonetheless,
NGOs and RSPs are still focusing on poor community and fulfilling their mission of social services efficiently.
They are managing their goal within their resources. We cannot conclude that there is mission drift in the MF

8



sector in Pakistan because the intention of NGOs is merely social services, whereas MFBs are taking the social
service as a by-product of their financial service. Hence, if MFBs are drifting away from social services, it is
not unexpected.
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Appendix

Table 3: Results for SFA Frontier Variables

Total Cost Coefficient  Std. Err. Z P>|z| [95% Conf. Interval]
Total Assets 3549057  .0579973 6.2 0.000  .2412331 .4685783

Financial Expense .0784638 .0265947 2.95 0.003 .0263391 .1305886
Cost per borrower .6387881 .0467596 13.66  0.000 5471409 .7304353
Financial Margin -.0344596  .0477496 -0.72 0.470 -1280471 .0591279
Gross loan Portfolio .4617526  .0615917 7.50 0.000 .3410352 .582470
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Table 4: Technical Efficiency Scores 2007-2013

ASAP BRACP KASHF ASASAH SRSP KBL NRSP SAFWCO TRDP CWCD CSC RCDS
2013 0.90237 0.899721 0.874864 0.866908 0.844163 0.831842 0.804271 0.773521 0.744604 0.732926 0.681326 0.65811
2012 0.85595 0.911385 na 0.910812 0.903996 0.885249 0.808181 0.811638 0.690187 0.639101 0.657715 0.614014
2011 0.89763 0.907154 na 0.829272 0.85459 0.893957 0.832387 0.775262 0.690147 0.83528 0.715529 0.590618
2010 0.73506 0.800326 0.785765 0.810545 0.920747 0.879642 0.885472 0.794506 0.673442 0.448395 0.673155 na
2009 na na 0.786938 0.863701 0.710043 0.838114 0.692962 0.844046 0.809781 na 0.550527 na
2008 na na 0.713299 0.770125 0.800546 0.841786 0.799341 0.88538 0.885751 na 0.715918 na
2007 na na 0.668074 0.749703 na 0.823607 0.795573 0.814142 0.861147 na 0.808338 na
0.8477 0.87964 0.76578 0.828723 0.839014 0.856314 0.802598 0.81407 0.76500 0.66392 0.68607 0.620914
POMFB JWS AHKWAT SRSO ORIX FMFB NRSPB DAMEN TMFB GBTI PRSP ;\(‘e/:i‘ly
2013 0.65511 0.644945 0.63168 0.62158 0.615848 0.528187 0.520156 0.514866 0.45355 0.430417 0.42154 0.804126
2012 0.59402 0.651857 0.932466 0.67192 na 0.577433 0.547614 0.622123 0.503753 0.430417 0.400865 0.795379
2011 0.75277 0.674326 0.724353 na na 0.614012 na 0.775896 0.628062 0.698148 0.802035
2010 0.57003 0.547279 na na 0.564009 0.702954 na 0.734836 0.658664 0.47099 0.768427
2009 0.94241 na 0.711815 na 0.509334 0.896727 na 0.761347 0.881445 0.609671 0.762347
2008 0.88237 na 0.750492 na 0.38169 0.819128 na 0.800019 0.853757 0.701861 0.786231
2007 0.40366 na 0.60339 na 0.34385 0.730979 na 0.803201 0.582878 0.800892 0.775832
0.6857 0.629602 0.725699 0.64675 0.482946 0.69563 0.53388 0.71604 0.65173 0.430417 0.586281
Figure 1: Average TE score by each MFI
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Figure 2: Average Efficiency of the Sector
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Table 5: Relationship of inefficiency coefficient with Type of MFPs

Variable RSPs NGO MFI MF BANK

Age -0.072(0.04)* *  -0.029(0.09) *** -0.221(0.06) ***
Branches -0.015(0.01) *  -0.022(0.00)*  0.003(0.05) **
Personnel 0.0281(0.2) -0.014(0.03) **  -0.043(0.00) *

Women Borrowers/Borrowers  0.0141(0.01)*  -0.004(0.07) *** 0.0015(0.00) *
Average loan Balance/Borrower 0.0612(0.02) ** 0.045(0.12) ***  -0.066(0.09) ***

*F* % indicates significance at 1%,5% and 10%
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